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Conclusion

• Exact Hull Reformulation: The proposed exact hull reformulation offers 
practical benefits by preserving the original quadratic problem structure 
and eliminating approximations in GDPs

• Improved Solver Performance: Numerical experiments show that state-
of-the-art Mixed-Integer Nonlinear Programming (MINLP) solvers solve 
the proposed reformulations faster and more reliably than ε-
approximation-based approaches.

• Value of Customization: Results highlight the importance of developing 
tailored, exact reformulations, especially when constraints exhibit 
simpler structural forms.
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Computational experiments were conducted on various convex 
and non-convex quadratic GDPs, such as random convex and non-
convex quadratic GDPs, convex k-means clustering, a non-convex 
CSTR network benchmark, and constrained layout instances.
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